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Terminal goals provide little signal for finding useful intermediate states when solving long-horizon or
difficult tasks with latent world models. Can we generate effective intermediate guidance in latent space?

| A residual model corrects linear interpolation to match plausible latent trajectories
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| Planning improves across tasks & matches oracle waypoint guidance
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| Latent Flow Waypoints are particularly beneficial in difficult settings
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Linear interpolation waypoints become blurry mid-
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