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VISReg stabilizes latent representations and improves planning across tasks and longer horizons.

01 VISReg

Overall accuracy (%)

Accuracy (%)

S| =

Escale — (1 — Uj(z))Q
71=1
1 — . 2
[:Shape = — Z HSOI‘t(Z’wk) — qNH
K — 2
L 2
Leenter = || 14|53

What does it bring?

Robust anti-collapse gradient signal
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Reweighting brings a better result on
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Strong OOD performance
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Pretraining data
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03 Cross task performance
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| Pre-training
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